al
/1

ETHIERMSHBEREMMEERS X

REZE XK, &8, XNEE, XN\, KBA
(THRXFREHFE TRFR I T 315211)

OB RN R W AZ I R R 2 — | SO SO IR 2R B AR R Y BT (B M T AR SRR AT B
TEAFAE T SCBRBEA SR TR 28 0 46 05 55 R0 | B 1 AL A A R Y ] i ok AT A 0 T W TR R R AT R
5 AR SCARTE S i R SCARTRIZFRAIE 5 82 FRIE AR S A8l 5 1 SCAR B O RR AL 17 5, 9k A2 ST 4R 126 £
T5 15T R B SR SVM R RS54 70 S S 9 22 B IO 26 . SR 5 R R W] R AR Bl 10 )2 IS5 48
T8 I H 07 ¥ | REAT AR o DI 2 2K 1 A R

KGRI I 2 iR I b R R AR AL S RRAE R 5 2 A A SR A

& 4> 25 . TP391 X ERARIRAG A

doi: 10.11959/j.issn.1000-0801.2016182

Hierarchical micro-blog sentiment classification
based on feature fusion
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Faculty of Information Science and Technology, Ningbo University, Ningbo 315211, China

Abstract: Sentiment classification is an important issue of opinion mining. It has a high application value to classify
sentiment in micro-blogs. As traditional feature selection method has semantic gap, a neural network language model
was used to propose a deep feature representation method based on probability model to distribute weight to the
word vector. Using this method, text semantic vector could be built. In order to avoid the semantic gap, the deep
features and shallow features of text were integrated and feature vector that contained semantic information was
constructed. With SVM hierarchical classification model, a variety of sentiments could be classified. Experimental
results show that the hierarchical sentiment classification method based on feature fusion can improve the accuracy
of sentiment classification in micro-blogs.
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